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Fig.1 Near infrared spectra of domestic chickens samples
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Fig.2 Near infrared spectra of broiler chicken samples
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Fig.3 Range selection of interactive frequency

1.3.3 RgEmaw

PR PRI RS P -5 36 R R 0 o 2 AR =2 45 48 )L
PR I, ELHC PR B8 A 2 35 AT A A0 20 9 o A IR G
FHIL , 7 [F]— 3% P L3 A 0L, e fE — 2. Uk,
T A AR X 43 R XS R R XS L R



68 B A BAROR AR

2014 11 A

R T ORUEAS TEAR R F) A5 1R R AT SE 4 | 75 20 Jt 0y
JCIE AT A B T PRSP T SR 2E b, AR
W /A8 R AR PRS2 R T BROG S P a S R
FTHER, fem o HrfE i . AEoE 2R ATROL
T AL BT VA AL R A — Ak — B R | Y
FRAEBEANE L SR ARG G

KA, R B WL R RS TH ER
DCREEURE 1 e S5 AR A X G 1 3 s L
AT L IR 1) W — Z R el TR L 2l
JCRE(E ;2 ) IR AR Sl (B 25 - B WOt BE AR, 74 21
REBRJS ETE AR 3) 115 Ak IR (9 565 (6 1 F- J5
A IR, BOXAME R m4 ) R AR BEF (963
{EER LA m, BB IE A R IH — A2 1, — 4L
PSRt A

— B BT I BRI h S L TR, Ol
BRI RS R A ) S, B S R TR BR DG TE
MR BLG:. e R0H BRI 5T r R R, 2
BB IR M PR R UL

—Bridr
%0, = (0, =, )/, (1)

By
xi’zndz(xi+k—2xi+xi_k)/k2, (2)

() A (2) kG R, /N o] AR
BUERE o R RE. SRR 0 — ey ik kb 25
(R XS TR B it T T 2R N 181 4, — B S i Ak B S A
XL TG 2R I & 5, — [ AT AL BEUS 539
FE OGS 2 an A 6.

K4 XGPREGL R N — LI 2L MG A
Fig.4 Near infrared spectra of chicken samples after

vector normalization
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Fig.5 Near infrared spectra of chicken samples after

first derivative
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Fig.6 Near infrared spectra of chicken samples after

second derivative
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Fig.7 Structure of clustering analysis prediction model
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Fig.8 Result tree diagram of clustering analysis
without pretreatment
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Fig.9 Result tree diagram of clustering analysis with

first derivative
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Fig. 10  Result tree diagram of clustering analysis with
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Fig. 11 Result tree diagram of clustering analysis with first
derivative and vector normalization
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Fig. 12 Result tree diagram of clustering analysis with

second derivative and vector normalization
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Tab.1 Cluster analysis results of broiler chicken and

native chicken samples
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Fig. 13 Verification result tree diagram of clustering
analysis of broiler chicken
3 &

PRURS R 38 7 2R 228 52 S i ] LA ok A R

0.6 r

0.8 r

RIEIA]

1.0 F
12F F

K14 BubsE 38 p)REEURRIE K
Fig. 14 Verification result tree diagram of clustering

analysis of native chicken
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Research on Classifying Chicken Based on Near-infrared Spectroscopy

XIANG Lingzi,

GUO Peiyuan
(School of Computer Science and Information Engineering , Beijing Technology and Business University ,
Beijing 100048 , China)

Abstract: One quick and accurate method of distinguishing broiler chicken and native chicken was stud-

ied due to the disorder of chicken market.

The discriminated model of chicken classification was built

based on near infrared (NIR) spectroscopy technology and cluster analysis. The effects of different pre-

treatment methods on the prediction results were also discussed. The results showed that the discriminated

model of chicken classification could be built based on NIR Spectroscopy technology and cluster analysis.

The model could be used to distinguishing the broiler chicken and native chicken. Meanwhile, the rate of

the data after the second derivative and vector normalization model prediction was 100% .

Key words: chicken classification; near infrared spectroscopy; cluster analysis
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