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Fig.1 Near-infrared spectroscopy of samples
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Tab.1 Related information of abnormal samples eliminated

S HER/ em ™! e Tt A 22 SH RS TS
4 2 0.5 2,5,25,29.9
8 2.4 1 2,5,17,49 51
16 1.2 0.8 5,6,10,37,51
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Tab.2 Classification information of sample set by Kennard-Stone method
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4 cm™! 40 7.6~16.8 15 7.6 ~14.4 2.26
8 cm™! 40 7.6~16.8 15 8.5~15.3 2.17
16 cm ™! 40 7.6 ~16.85 15 10.8 ~14.9 1.34
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Tab.3 Modeling analysis results by 5 fold-pls
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4 ¢m™! 7 0.8167 1.0111 0.8280

8 cm ™! 15 0.7912 1.065 5 1.0317

16 ¢cm ™! 14 0.938 4 0. 609 4 0.667 2
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Study on Meat Quality Detection Techniques

FU Yan', GUO Pei-yuan', SUN Mei', XU Ran-ran’
(1. School of Computer Science and Information Engineering , Beijing Technology and Business University ,
Beijing 100048 , China; 2. Zolix Instruments Co. Lid. , Beijing 101149 , China)

Abstract: The artificial olfactory system ( AOS) and artificial taste system (ATS) detection techniques,
computer vision detection technology, near infrared spectroscopy ( NIR) detection technology, and hyper-
spectral image detection technology were described in this paper. Hyperspectral image detection technolo-
gy has become a research hotspot for meat quality detection. The basic principle of hyperspectral image
detection technology and the research status in meat quality detection using hyperspectral image at home
and abroad were introduced in the paper. The prospect of future research in meat quality detection using

hyperspectral image detection technology was proposed to researchers on the related study as a reference.
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Research on NIR Model of Edible Oil Impacted by
Spectral Resolution Determination

WU Jing-zhu, LIU Cui-ling, XING Su-xia, SUN Mei
(School of Computer Science and Information Engineering, Betjing Technology and Business University,
Beijing 100048 , China)

Abstract ; There are some effects on near infrared analysis result caused by the type of near infrared spec-
trometer and working parameters settings. How the different spectral resolution on Fourier transform spec-
trometer impact quantitative NIR model of edible oil was discussed in this paper. The experiment collect-
ed near infrared spectrum of 60 edible oil samples using Vertex 70 spectrometer, in three kinds of spec-
tral resolution (4, 8, 16 em™") conditions, by the transmission type liquid optical fiber probe. Monte
Carlo sampling method was used to analysis three groups of near infrared spectral sample set and eliminate
the abnormal samples. The calibration set and validation set were divided according to Kennard-Stone
method. The quantitative models of palm acid were established, optimized and validated. Experiments
shown that the model built based on 16 ¢cm ™' had better performance than 4 cm ™' and 8 cm ™', The results

can provided a reference spectral resolution while detecting uniform liquid by near infrared technology.
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