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OSCILLATION OF SOLUTIONS OF MPULSIVE PARTIAL
DIFFERENCE EQUATION W ITH CONTINUOUS VARIABLE

SIWen2y; HOU Cheng2n n
(D @artm ent of M athenatics Yanbian Unwersity, Yanji 133002 China )

Abstract W e obtan sufficient conditbns for oscillation of all solutions of the inpulsve partial d ifference
equation w ith continuous variab le

A(x+ Sy)+A(x y+ S)=A(x y)+p (% y)A(x—1S y= I1S)=Q x\ x0; y\ yo— S x Xy,
A(xr+S y)+A(xe, y+8S)—A(xe, v)= bA (21, v), Pyl [yvo— S ] ) kI N(1).

W herep(x, y)\ 0 is continuous on [xg, | ) @[yg—S ] ), S>Q b are constants r and [ are positve
ntegers O xo<x1<, <x,<, wilhkli}lxkz] .

Key words partial difference equation w ith contnuous variable mpulse oscillation
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TRAFFIC VOLUME FORECAST BASED ON COMB INED MODELS
OF GRAY SYSTEM S AND ARTIFICIAL NEURAL NETW ORKS

YAN Lei
(Colleg e of M athan atics and Physics Chongqing Unwersity, Chongqing 400044 China)

Abstract In he long2tem forecasting woik, the orignal data has he characteristics of randan icity and
non2linearmovemen{ and also the capacity of available study sanples & anall and nfomation 5 nsuff
cient The bayesan2regularization neural new otk possesses he characteristics of strong nonlinear fitting
and the capab ilities of ex cellent generalization Unbiased GM (1, 1) can use fav data to constructmod2
els it can weaken the randam icity of the orginal data and strengthen regularity, and also can elm nate
the inherent deviation of the conventbnalGM (1, 1) model M ak ng the best use of them erits of the twq

the canbned model of unbiased GM (1, 1) and bayesian2regularization neural new ork are constmcted
and put into real traffic forecastng work By contrastngw ith BP netwoik, the result shows that this model

is feasible and efficen} the accuracy of forecasting & also ncreased

Key words unbiased GM (1, 1) mode] bayesian2regu larizatonn neural newoiks traffic volume fore2
casting



